AICOSS HAEC|XIQl MAMAAA td| FH| #1
1. FH (title) &l £ (Mentor) DES K|
M 2 (Generative Al Model)2 8%t CIXESH NAE7|e DE3t
2. S E (Goal)
(1Xh
- 2 XA ME|NLP 2R S 2830 HE FE2| A2|=(Confidence) 45X H &5
- MEE ZEE AP MH|AZ H|SSH7| 2|t RESTful API A%}
(2Xh
- Google Dialogflow V2 APIZ &&% CIX|E §H HZ7|s oot
- 7|1E 48 MEV|IEo 1Est MHA AT (GO XY, Holo| W 2M, B MY §)
3. M2UH (Approaches)
- F2 JEE
- ChatGPT3, LLaMA, BERT Z&0f CHSH XA XME| HAE ds Hlw
- R0 XN E| REE 2850 oo ot BHE StSAl7|le B= MEH
ezt 7ls M 9 sts2 Qo INe|(EEe, e dEjA 24, oY) &Y
- 7|E Google ai 7|8t 215X Ozt MR i 7|65 HE A A8 HAE
- 452=
AP SHEE Ch 2 AtHO{AM2] ZEO| Cfst dsHluw A 8 HAEZE (1%}
- MEZE i3S stEAI717] 23t API QIE{TH O] A JHE (14}
- 7|1F Google ai 7|8t SHHatE QA ME M U AHFZ (2K
- nESHE APIE A 8% CIXIE |9 HZE @A
- 7SN EHeg A
- AEE Q3 Xs, BEAAM MH|A, SEEE(TTS) MH[A0] Cist OfsH(AE)
- Python2 Z8%t API(Interface) M Zf 2 (E)
- H ALAT S Front-end 7N A ZHEE
4. HAE 2 (Test)
- Dms ol UE daRd MF X SSAE AA
- WYY BYS sael Kool BNy Y50 BAHoR THESK| ol
- Google Dialogflow2l ZE(2lE)mtef 2Eof Tigt stz o| Q] 2ol

6. 7|EtALEE

X Al Chatbot (Dialogflow)
https://cloud.google.com/dialogflow/es/docs/reference/rest/v2-overview
¥ Generative Al Model (GPT3, LLaMA, BERT)
https://openai.com/blog/introducing-chatgpt-and-whisper-apis

https://ai.facebook.com/blog/large-language-model-llama-meta-ai/

https://cloud.google.com/ai-platform/training/docs/algorithms/bert-start?hl=ko
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T R
AT ERSE = 9EXs V|8 CIX|E@R Ol HE7|e2 282 At 214 E O
Ol 2| 2|k=0f(Intent), YME|E|(Entity)E EHESI0] HHS HHZ F=oil= =T +
2 g0 YU Moz S 48 MXMEI|es Lot 5F7[I5H0, 37HA] Sy
A2rS 2SI AX; L
Use different platforms as
incoming channels
— ° _ NLP Engine
® - T
. Provide an answer Appllcqtlon
ST
Interact with other systems Retumns intents & entities
and generate a response
DIE 4R AR SAEC] AulA 1x>
- AFAOIXE[(NLP) =OF0| AtEE|= Held dEd2d =5 TO[stS(Transfor Learning)d| 0|3t 2
g ML ME2 H5HRE 8E + Y APAY

AN 1O
S Arg RSt AE7EO| Tf3 AlLIZIRE J|WoR MEe HHe WNet: ofst HlolEAT AlgH ol
4 QIE(mo|A HEojE
OhF2 HOlEAS 083 SERUS J|HoR MRS oA SEAIA ChUe AulA BY o

ARY U 7|hE Tt
QIZkol 21ofof Lot ofsiet ddsHE ZAE + USLILL OF Sotd FAte| 7|& MRl SHO|
Cf RpQI o+ ysy

AZAs ATg oojmY FH
GPT-3 davinci, Curie, Babbage, Lama LaBSE, MBERT/KBERT

dsk® 7=
Perplexity 65 O|2tCH &M
Dialog Confidence 0.7 O|4



AICOSS HAEC|XIQl MAMAAA N FH #2

FH| (title) Ml £ (Mentor) 27" 3K

AIFOCR: DI QIAl QI J4QI3F SAl =K AH|A

2. 3 H (Goal)

(1xh
- ARZI E#E Oo[O|X| OCR AMH|A ¥ (Text Detection + Text Recognition)

(2Xh
- KIE(Key Information Extraction) 73 3 APIZZE SoliM 4 Z=E2| & F&/&H

3. M2UH (Approaches)

- 24 O3 Ao CHs| OCR X &30 HAEE FEStU, FEEH FEISOAM
Solujst
HEO: SAEE FS5ts 7l ( =480 tfefA 24 DB A&EEt ZZE
X 7Y OISlE L4 FX ABA 50z BE IS
- MHIA A OAl Y EZ
B OCR algorithms (Two-stage approach)
1) Text Detection: O|O|X|28EH EHAEQ| X 2IA(Bounding Box)
- DB, DB++, EAST, SAST, PSE,
2) Text Recognition: QUAEl EIAE HrAO| LY§E OQIAl
- CRNN, SRN, SVTR, ABINet, VisionLAN, RobustScanner, ..
B SER(Semantic Entity Recognition): OCRES FEE HAEQ| QEIEIE 2FSI
7lE
- SDMGR, InfoXLM, XLM-RoBERTa, LayoutXLM, Vi-LayoutXLM,

rir

4. HIAE HIH (Test)

B 57HE0 MHA THARIEY, 228 ME £ZH)ECH= OCR U KIE 22 730
SHE FOIM HAEE T gLCh 2} REo| HAEE Of2fe 7 HEE AR
gt ct

- Text Detection: hmean score (baseline: 0.5)
- Text Recognition: Avg accuracy (baseline: 0.5)
- SER: F1 score (baseline: 0.5)

5. 82 X} (Resources)

- &8 HO|H: 2t 2OF 23X|s 5E X|AHO|A-AT OFE O|0|X[/0{ - O|M
- Bt & F7t & HOo|lH MdE(Det, Rec. KIE) labelMaker
a5 2 GPU Server/Workstation

6. 7|EtALEE

B Open Source & Papers
https://paperswithcode.com/task/scene-text-detecti

on https://github.com/open-mmlab/mmocr
https://github.com/PaddlePaddle/PaddleOCR
https://github.com/microsoft/unilm : Multimodal(X + Language) MM &=




Optional
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. SER :
- Text Detection 1 [
1 1
- Text Recognition ‘ _’ (Text + Layout + Image) | _’ q
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AICOSS HAEC|XIQ MAMAAYE N FH| #3

1. FH (title) %l £ (Mentor) gz 3K
Re-ldentification(X{ 214 S &8% FH7| d& i

2. S E (Goal)

X =8 MER FH D7t 48E [ Re-IDE 7|Z2| IDO| EXHSIE Z4AQAX| EHE

2Xt | H : Re-IDE 8% FH ID 2918 =HE slZ

3. MW (Approaches)

7ol ZEMAs Ch2dt Z&U

1. €8 o] oLt

2. AH|(AtE) A= ict

3. FX7|7F AKotct IDE FOfStLY.

4. D7t 201E AHE Re-ID 220 E0| 7|E0| EXHSIE IDYUAX| BHEBICE (1%t = H)

5. gkt 7|EO| EXHsHe Dt 20 EHHESHED ID7 ME CHE 42 7|E00| AE IDE HHYELD (2
A =H)

Re-IDE MBS Wt A}E W =X D 7H5= XH0|E H|U3BI0] 45 40| O|FACH= AS &

= AO0{OF SrL|CE U3 ol ANEZ FHE 22 Y Z2 Instance Segment FES 2|0 FH

IDE EA|SIOJOF EL|CL OX|8f =X D& B4 R0 AL 7R ESHO EAISFAOF ghLCt.

1. [EHEIM HASte ZHES HQshs ZRS0|H O FCtn M2sts 452 20| UACHH AL

= P
2. [EEIUM MAISH 95 287 29 LY 271X 7|F & otiete SFE[0foF oL Ch

4. HIAE HIH (Test)

S99z 45 2Es LU HAE I42
1. AH QAL EHT|, Re-IDOIAN 2 2R
7

2. Re-IDE &9 87| ID 29& EX7t

Aol WS WAo] Hee £X| YAEUCE jupyter-labS ALBSHME S A0l Hejz 743
NE SEUCL 92 Y42 YOB RUY YSXE ZUe 21 IS oY & s XA Y
Bgle L,

=
- Ji =+40| MEE Docker Image S

- 7t ot 9let oI5 KMAo| Hast 2 2tEY £ ME

6. 7|EtAbSE

Object Detection 2| : https://techblog-history-younghunjo1 tistory.com/178

Tracking ‘82| : https://gaussian37.github.io/vision-concept-vot_mot/
Re-ID A2| : https://junhal125.github.io/blog/artificial-intelligence/2021-02-17-relD_Survey/
yolov5 : https://github.com/ultralytics/yolov5

yolov7 : https://github.com/WongKinYiu/yolov7
Mask-RCNN, MAsk2Former, RTMDet : https://github.com/open-mmlab/mmdetection
Byte-Track : https://github.com/open-mmlab/mmtracking/tree/master/configs/mot/bytetrack

Re-ID : https://github.com/DengpanFu/LUPerson/tree/main/fast-reid
ozt Zzaejd AZ : Pytorch, Python Z22jY 7|&, Deep-learning 704




[E3]

THE SYStE RMGE Y 22

Object-Detection, Tracking, Re-ldentification ZH2Z LER A ZleH

K| Q1A (Object-Detection) : Yolov5, Yolov7, Mask-RCNN, Mask2Former, RTMDet 52| 222 &
|
|

2H
Z=X7| (Tracking) :Byte-Track 2&
1Al (Re-Identification) : Fast-reid E&

L

5 28 9y W
2

un O

HE=Z o KBS +XE THOFLCL

- Object-Detection (coco2017 Dataset Test 7|&) : mAP : 0.5 0|4 or boxAP : 45 O|%4
- Tracking (MOT17 Dataset Test 7|&) : MOTA : 70 O or HOTA : 60 O| 4
- Re-ldentification (Market-1501 Dataset Test 7|&) : mAP : 95 O|2& or Rank 1 : 95 O|4}

Re-ID Of|A|
X& OIO|C|E &UZ U= 545742| OFO|C|7t LIZ2OLL Re-ID & 552 XMAHH 40742
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AICOSS HAEC|XIOl MAMNAAIE WA FH #4

FH| (title) ol £ (Mentor) O|dZ AKX
ALY 37HMel Xt 2R22 o O 72t 0|8 &3 =2 AN X

2. 3 H (Goal)

- LS ZtH2tE o|8%t AU St AW ZtES}

- QAo TEk £ QE 24 B SZoMel X FE

3. M2UH (Approaches)

=8 SEc 72 0 el cav FtHEtE 283 8 =TS BAISL A9
AXE M S| Y22 NHEFH 2RO WEHEIH| Y

X SHE 57| ot BA Ee FR Y WE

1-@ camera calibration2 &dfi 7tH2t W/2lF Tt2|0/EH 57|

1-@ 271e| 7tH2tE epipolar geometryQ| triangulation2 0|83t &7to| X|HE XtEZ}
2-@ QU= AH EX

2-@ U1 Y ANHEE FHOR QANOIE ANY & UL BF
2-® &7kl 2D Zt&A WolM EBX[E Q=9 }X| ZE 57|

4. HAE 2 (Test)

X 28 Z2d 200 HMAZ g=1 HAE BHE S

1. 44 =X 45 53

2 ot £ M5 5%

3. 29| X ztEet A RAX[e] XO| HH HI=LAH 7|F)

5. &2 XI¥l (Resources)

X HSE= LO/EHSH 72
DeepFashion2 Dataset (22T 800004742 O|O|H)
X JfEojA Eret ZFE 2 &

6. 7|EtALEE

¥ g0l 850 ZXME OloisteH 2%t YE EE AOIE
gdaNe #d 2 220

https://darkpgmr.tistory.com/category/%EC%98%81%EC%83%81%EC%B2%98%EB%AG%AC
ol =& HIo|HA Zsi=

oln

https://github.com/switchablenorms/DeepFashion2
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POl CHE & ZtEA 7ol Hgh A E UHRSt= AES ot 7t
dl % q 2H < BIH

FAKIBH=R|

x O[0|X| =X
- https://darkpgmr.tistory.com/153
- https://trepo.tuni.fi/bitstream/handle/123456789/27490/granat.pdf?sequence=4&isAllowed=y



AICOSS HAELC|XIQ MAMHAE 1™ FH| #5

1. FH (title) ol £ (Mentor) =A% FK|

CycleGANE 0|&%t O|O|H 52

2. S8 (Goal)

- CycleGANS 0|&3}0] g|¢et # 0|22l HOIH &

- 53t A O|A O|O|EE Domain Adaptive Deeplearning@ 2 & ds T4

3. 24 (Approaches)

- CycleGANS 0|83t HEfX| ALZIS SHX[(Q= Al 85 &) AITlez HE
- ORREZEX| 2 32 2F A A transfer

- stable diffusion 7|22 8% HO|H 4 A=

- Qe S ZEN pA 2 85 HlW

4. HAE HIH (Test)

- Dd =3 AW mAP (testset : SEHX| 7HE)

. 24t COCOE E(pretrain)

COCO + transfer learning(#8cfX| - 2t O)

COCO + transfer learning(M =l SE{X| - 2t Q)
COCO + DACYEE ZEHiX| - 2E 0)

I
—_

> wn

5. 82 X2 (Resources)

- cudall + 3090 + docker + linux
- M3&l= HolHE 2|Atet &9

6. 7|EfALSH

https://junyanz.github.io/CycleGAN/
https://paperswithcode.com/task/domain-adaptation
https://paperswithcode.com/task/few-shot-learning
https://github.com/WongKinYiu/yolov7




. CHYSH wHoz oYsg T2 QYA HLDA, FS, AL 5)
» O[O|R| Y T YT 2 (CycleGAN)

O CycleGANO|Zt?

Monet 7_ Photos

Summer 7 Winter

Photagraph Van Gogh

2 3: https://junyanz.github.io/CycleGAN/

. 919 OlAIZ AIRIZ O Bplo| BHEOR W, Y VS ATUR, OfF AMTS HS AMTCR
HFSHe S sfLtol EOQIS CI2 E00Io2 AEUS WZSs A
. B2 Al 242 HOETL BasKl $SHIE XX NY AW W g~

;1 -

» M7t MSE HOIHO= HefX] =0 Y 2HA0| HSE0 SHX|Z transferlld £ ST 2ES
MA-E3St0] OD. 7ts&
O Domain Adaptive Learning
e Single-DGOD = e o :
Iraining Data T'esting in different weather conditions
Daytime-sunny .  Night-sunny Dusk-rainy Night-rainy  Daytime-foggy

2 3 : Single-Domain Generalized Object Detection in Urban Scene via
Cyclic-Disentangled Self-Distillation

» 0|0 23 2ES OE EHAUME 850 e = AESE FHos 7[H
» OIE 20 & =M 22 HOHE 7M1 EHREAS USACHH, MY, 27 SoM= A



St7| 2=t SHX|IEE M4, etfel U8 OIO|HE 7HX|1 transfer learnings TSI & =0
EH
[=]

Training
phase |

Training
phase 2

Few-shot object detector
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Stable Diffusion
» HIAEOM O|O[X| BHZ7| or O|OX|OA O|DIX|] BHE7] S22 3|# 0|
ANEE Aoz TErELE Z-ol F7|7F HE 210 W8S O[slstr| oz{g =
» "SHUE A AE" - O|0|X| E¥E= 2E
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Nvidia Metaverse




